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Abstract

Time series and their various models are one of the basic tools used to predict the
future behavior of variables by considering their behavior in previous time periods. It
is known that predicting future sales of large companies is a very important and
sensitive issue because it is related to the amount of production, and the accuracy of
predictions can save a large amount of money by reducing the amount of waste due
to excessive production or vice versa. On the other hand, artificial intelligence and the
uses of its various networks play an important role in forecasting processes, through
the use of several types of artificial neural networks that have proven their accuracy
and efficiency in this field. This study aimed to use one of the types of artificial neural
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networks, which is called the Multi-Layer Feed Forward Neural Network (MFNN) to
predict the sales of the Cement Factory in Zliten, based on an extended time series in
the period (1992-2022). The results of this paper through the MATLAB program
confirmed that the use of neural networks of real-production data that the artificial
neural network model gave results of high accuracy and efficiency, by achieving a
small error rate in the prediction model used in this study.

Keywords: Time series; Artificial Neural Networks; Multi-Layer Feed Forward Neural
Network; Forecasting; Mean Square Error
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Best Validation Performance is 0.0066422 at epoch 4
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